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1. lleanb ocBOeHNSI AUCUUILIHHBI
Ilens: oBnazgeHUE CTyJEHTaMH OCHOBHBIMU METOJAMM TEOPUU HHTEIUIEKTYAIBHBIX CHUCTEM,
npUOOpEeTeHNE HABBIKOB 110 MCIIOJIb30BAaHMIO HMHTEJUICKTYAJIbHBIX CHCTEM, HM3y4YEHHE OCHOBHBIX
METO/IOB IIPEJCTABICHUS 3HAHUN U MOJIEJIMPOBAHUS PACCYKACHUM.
3anaun: OBiazieHne HaBbIKAMU M 3HAaHUSIMH B 00J1aCTH MCKYCCTBEHHOI'O MHTEIUIEKTA.

2. Mecro mucuuninnbl B crpykrype OIIOITI BO
N3yuenue kypca ocHOBbIBaeTcs Ha auciuiuimHe «MH(opManmoHHbIe TEXHOIOTHH B cdepe
6C3OH3.CHOCTI/I», «MCTOI[I/IKEI U MCTOHOJIOTUA HAYYHOI'O HCCIICAOBAHU). 3HaHI/I$I, MOJIYYCHHBIC B
paMKax HaHHOfI JUCHUIINIMHBI, MOTI'YT OLITH MNPUMCHCHBI IIPU IIOATI'OTOBKC BBIHYCKHOﬁ
KBaJTM(PHKAIIMOHHOHN pabOoTHI.

3. IliannpyeMble pe3y/abTaTbl 00y4eHHUs M0 JMCUHUILINHE
[Inanupyemble pe3ynpTaThl OOY4YEHHs] MO TUCHUILUIMHE, COOTHECEHHbIE C IUIAHUPYEMBIMHU
pesyasTatamu ocBoeHust OIIOII (koMmeTeHIMAMY U UHANKATOPAMU JOCTHKEHUS KOMITCTCHITH)

[Tnanupyemsie pe3yapTaThl 00yUESHUS 110 AUCIUIUINHE, B
COOTBETCTBHH C WHIMKATOPOM JIOCTHKCHUSI KOMITCTCHINN

dopMupyemsle

KOMIIETEHIINH (KO, HaumenoBaHue O1ICHOYHOIO

COJIepKaHue VHIuKaTOp NOCTHIKCHUS PesynbraTel 00yueHus 1o cpeacTBa
KOMIIETEHIINH ) KOMITCTEHIINU JHCLUIUIMHE
OIIK-1 Cnocoben OIIK-1.3 PemmaeT ci0XHbIe U | 3HAET OCHOBHBIC TEHACHIIUH TeCcT
CaMOCTOSTEIBHO npoOJIeMHEIE 3a1a4H B B 00J1aCTH HCKYCCTBEHHOTO
proOpeTaTh, obmactu TexHochepHoit unremiekra (OI1K-1.3)
CTPYKTYypPHPOBATH U 0e301acHOCTH C yMeeT MOJIb30BaThCs
NPUMCHSATb NpUMEHCHHEM CHCTEMBI HCKYCCTBEHHOTO
MaTeMaTHYecKue, (byHIaMeHTAJIbHBIX 3HAHHI WHTEIUICKTA JUIS PELICHUS
€CTeCTBEeHHOHAYYHbIC, 3a1a4 B 00J1aCTH
COLIMAIIbHO- TexHochepHOit

OKOHOMHUYECCKHUEC U
npodeccroHaIbHbBIE
3HaHMS B 00JIACTH
TeXHOC(hEepHOit
0e30I1acHOCTH,
pemiath CI0XHBIE U
pOOJIEMHBIE BOITPOCHI

6esomacHoct (OITK-1.3)
BJIJICET METOJIAMHU PEILICHHUS
CJIO’KHBIX M MIPOOJIEMHBIX
3a1a4d B 06IacTu
TexHOC(epHOit
0e30macHOCTH ¢
NPUMEHEHUEM CHCTEM
HCKYCCTBEHHOTO
untesuekra (OITK-1.3)




4. CTpyKTYypa H coepkaHne TUCHUILTHHbBI
OO01mmast TpyA0eMKOCTh TUCHIUTUIHHBI COCTABISET 3 3a4eTHBIE eMuHUIbI, 108 yacos.

4.1. ®opma o0y4eHHsI: OUHAS
VYpoBeHb 6a30BOro 00pa3oBaHus: BhICIIEE.

Cpoxk o0yueHust 2r.

4.1.1. CTpyKTypa IMCHUNINHBI

KonraktHas pabora
00yJarmuxcs ¢ s
NearorndeckKuM pabOTHUKOM )
'S | ®opma Texymero
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= = E g" KOHTPOJIS
= 2 S S = S | yemesaemoctn (1o
Ne 3 Z | 8 = = HeJesIM
Paznen (Tema) qucuummeer | | = al o | 2 = =]
m\it b5 = O L 0| £ s 3 o cemectpa), hopma
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1 BBenenue B 312 14 TectupoBanie
WCKYCCTBCHHBI MHTCIJICKT
2 MammumHHOe 00y4eHue u 3| 4 21 TECTHPOBAHHE
HEHPOHHBIC CETH
3 Ucnone3oBanue 3 11016 39,15 TecTipoBaie
HCKYCCTBEHHOTO
HMHTEJUICKTa
Bcero 3a cemectp 108 | 16 | 16 16 |0,25 | 74,15 3au. ¢ orI.
Hroro 108 | 16 | 16 16 | 0,25 | 74,15

4.1.2. CogepkaHue TUCUMILIMHBI

4.1.2.1. IlepeyeHn JieKuMi
Cemectp 3
Pa3zoen 1. Beedenue 6 uckyccmeennbwlil UHmMen1eKm
Jlexnus 1.
BBenenune B UCKYCCTBEHHBIN MHTEIUIEKT (2 yaca).
Pazoen 2. Mawunnoe ob6yuenue u netiponnvie cemu
Jleknus 2.
OcHOBBI MaIMHHOTO O0y4YeHusI (2 Jaca).
Jleknnus 3.
I'myGokoe oOyuenne u HelipoHHBIE ceTH (2 yaca).
Pasoen 3. Hcnonv3o6anue uckyccmeenHo2o unmesniekma
Jlexkumus 4.
O6pabotka ectectBeHHOTO si3b1Ka (NLP) (2 gaca).
Jleknus S.
KomnrerotrepHoe 3penue (2 yaca).
Jleknus 6.
AHanu3 JaHHBIX U IPOrHO3UpOBaHMeE (2 yaca).
Jleknus 7.
Kubepbe3omnacHOCTh U UICKYCCTBEHHBIN HHTEIUIEKT (2 yaca).



Jlexnusa 8.
DTHUYECKUE U MTPABOBBIC aCIIEKThI UCIIOJB30BaHUs UCKYCCTBEHHOTO MHTEIUICKTa (2 Jaca).

4.1.2.2. IlepeyeHb NPAKTUYECKUX 3AHATHI

Cemectp 3
Paszoen 3. Hcnonvzosanue uckyccmeenno2o unmenniekma
IIpakTnyeckoe 3ansitue 1

3nakomMctBO ¢ LLM (2 uvaca).
IIpakTnyeckoe 3ansiTue 2

Ncnons3oBanue MU B mporiecce oOydenus (2 gaca).
IIpakTnyeckoe 3ansitue 3

Cocrasnenue 6ubnmorpaduu ¢ ucnonszoBanuem MU (2 gaca).
IIpakTnyeckoe 3ansitue 4

[ToaroroBka mokmnaaoB ¢ ucnonab3opanuem MU (2 gaca).
IIpakTH4yeckoe 3aHsiTHe S

[TepeBoast TekcTOB ¢ ucnoias3oBanuem MU (2 gaca).
IIpakTnyeckoe 3ansaTue 6

[ToaroroBka pestome ¢ ucnosibzoBanueM MU (2 yaca).
IIpakTH4yeckoe 3ansiTue 7

Coznanne uzobpaxenuit ¢ ucnoip3opanuem MU (2 gaca).
IIpakTnyeckoe 3ansaTue 8

[Ipumenenne MU B nporpammupoBanuu (2 yaca).

4.1.2.3. [lepeueHb 1a00paTOPHBIX PadOT
He mianupyercs.

4.1.2.4. IlepeueHb TeM U y4eOHO-MeTOAMUYECKOE O0ecIIedyeHHe CAMOCTOATEIbHOM

padoTbI
IlepeueHb TEM, BBIHECEHHBIX Ha CAMOCTOSITEIIBHOE U3yUEHUE:
. [Ipumepsl 3a1a4, pemaeMbIX ¢ TOMOIIbI UCKYCCTBEHHOTO MHTEIIEKTA.
. MeTo bl HCKYCCTBEHHOTO MHTEJIEKTA I PEILIEHUS 3aad.
. MeTo1bl HCKYCCTBEHHOTO MHTEJIEKTa JJI ONTUMHU3ALUH.
. Mcionb30BaHue MalIMHHOTO O0yUYEeHHMS.
. MeTopl aHanM3a JaHHbIX C TOMOIIbIO MAIIMHHOTO 00Y4YEeHHUS.
. Ucnonb30BaHye MalIMHHOTO O0yYEHUS /711 ONITUMAJIBHOTO TIIIAaHUPOBAHMUSL.
. OCHOBBI T€HETHYECKOT0 POrPaMMHUPOBAHUS.
. OnTumu3zanus npou3BOACTBEHHBIX ITPOLIECCOB.
. [IppuMeHeHne TeHETUYECKUX AlITOPUTMOB.
10. ITpuHIMIIBI KCTIOJB30BAHNS HEMPOHHBIX CETEH.
11. MeToap! pacrio3HaBaHUs 00pa30B.
JU1s  caMOCTOSITENTbHOM pabOThl HUCIOJB3YIOTCS METOJUYECKHE YKa3aHUs II0 OCBOECHHIO
JUCLIUIUIMHBI U U3/IaHUS U3 CIMCKA MPUBEJECHHON HU)KE OCHOBHOM U JIOTIOJHUTEIIBHOMN JINTEPATYPHI.
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4.1.2.5. IlepeueHb TeM KOHTPOJIbLHBIX padoT, pedepartos, TP, PT'P, PIIP

He mmanupyercs.

4.1.2.6. [IpuMepHbIi IepeYeHb TeM KypPCcOBbIX padoT (IIPOEeKTOB)
He mmanupyercs.



4.2 ®opma 00y4eHHsI: 3209HAS
YpoBeHb 6a30BOro 00pa3oBaHMsI: BBICIIEE.

Cpok o0yueHus 2r 6M™.
Bcero ®opma
Tpynoem- Jlek- Hpaxru- | Jlagopa- Koncyb- (KOHTAK- MPOMEKYTOYHOTO
KOCTb, qyecKue TOPHBIE KonTt- CPC,
Cemectp nuu, TaNMs, THas KOHTpOJs (3K3.,
yac./ 3a4. 3aHATUS, | padoThl, poJb,4ac. Jac.
gac. qac. padora), 3a4., 3a4. C OII.)
(91 8 yac. qgac.
qac.
4 108/3 4 8 2 0,5 14,5 89,75 3au. ¢
o1.(3,75)
Hroro 108/3 4 8 2 0,5 14,5 89,75 3,75
4.2.1. CTpyKTypa AUCHUIIMHBI
KonraktHas pabora
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1 Brenenue B 4 | 2 17 TECTUPOBAHUE
VCKYCCTBEHHBI WHTEIIJIEKT
2 MammnHoe obyueHue u 4 12 24 | TecTHpOBaHUE
HEMPOHHBIE CETH
3 Hcnons3zoBanue 4 8 48,75 | TectupoBaHUE
HCKYCCTBEHHOTO
WHTEJIEKTa
Bcero 3a cemectp 108| 4 | 8 + 2 10,5(89,75 | 3au. ¢ om1.(3,75)
Wroro 108 4 | 8 2 [0,5]89,75 3,75
4.2.2. CoaepkaHue TUCHMILIMHBI
4.2.2.1. IlepeyeHnb JeKuMi
Cemectp 4
Pa3zoen 1. Beedenue 6 uckyccmeenHbwlil UHmMen1eKm
Jlexnus 1.

BBenenune B UCKyCCTBEHHBIN MHTEIUIEKT (2 yaca).
Pazoen 2. Mawunnoe ob6yuenue u netiponnvie cemu

Jlexnus 2.

I'myGokoe oOyuenne u HepoHHBIE ceTH (2 Jaca).




4.2.2.2. IllepeyeHb NPAKTHYECKUX 3AHATHH

Cemectp 4
Pazoen 3. Hcnonvzosanue uckyccmeennozo unmeiniekma
IIpakTuyeckoe 3ansitue 1.

3nakomcTBO ¢ LLM (2 4aca).

IIpakTH4eckoe 3ansTHE 2.

HcnonszoBanne MU B poriecce o0ydyeHus (2 yaca).

IIpakTH4eckoe 3ansaTHE 3.

CocraBnenue 6udimorpaduu ¢ ucnons3oBanrem MU (2 gaca).

IIpakTHyeckoe 3ansaTHE 4.

[ToaroroBka mokaanoB ¢ ucnoias3oBanrem MU (2 gaca).

4.2.2.3. IlepeueHnb 1a00paTOPHBIX PadoT
He mianupyercs.

4.2.2.4. IlepeyeHb TeM U y4eOHO-METOANYECKOE 00ecneYeHre CAMOCTOATEIbHOM

padoThI
[lepeueHb TeM, BHIHECEHHBIX Ha CAMOCTOSITENIbHOE U3yUEHUE:
. IIpumepsl 3a1a4, peIIaeMbIX ¢ IOMOIIBIO UCKYCCTBEHHOTO MHTEJUIEKTA.
. MeTo1pl NCKYCCTBEHHOI'O MHTEIJIEKTA JJIsl PELIEHUS 3aa4.
. MeTopl NCKYCCTBEHHOI'O MHTEJUIEKTA AJI ONITUMU3ALINH.
. Ucnonp30BaHne MallIMHHOTO O0y4YEeHUSI.
. MeTrobl aHaJIM3a JaHHBIX C TOMOILBIO MAIIMHHOTO 00Y4€EHusl.
. Ucnonp30BaHne MalIMHHOTO O0YYEHHUS JI71s1 ONITUMAJIBHOTO IUIAHUPOBAHHUS.
. OCHOBBI T€HETUYECKOTO NTPOrPaMMHUPOBAHMUSL.
. OnTumu3anus Ipou3BOACTBEHHBIX ITPOLIECCOB.
9. IIpuMeHEeHNE TEHETUYECKUX AJITOPUTMOB.
10. IIpuHUIUIIBI UCIIOJIB30BAaHUSI HEHPOHHBIX CETEH.
11. Mertoas! pacrio3HaBaHusi 00pa3oB.
Jligs caMocCTOSITENbHOM pPAa0OTHl HMCHOJIB3YIOTCS METOAMYECKHE YKa3aHHUsS [0 OCBOEHUIO

0O JN N B~ WK =

JAUCLHUIIIIMHBI 1 U3JaHUA U3 CIIMCKa HpHBeHeHHOﬁ HIKE€ OCHOBHOM U IONOJIHUTEIIHHOM JIMTCPATYPHI.

NH.

4.2.2.5. IlepeyeHb TeM KOHTPOJbHBIX padoT, pedepartos, TP, PT'P, PIIP
1. MckyccTBEHHBIN MHTEIUIEKT KaK HallpaBiieHNue 3HaHUuN. OCHOBHBIE HAIIPABJICHUS.
2. «CunbHbll» U «cnadsiiny M.
3. Kpurepuii unrennexryanpHoctu. Tect Trropunra. Kpuruka tecra Toropunra.
4. Bocxoasmuii, HUCXOASIINN, SBOTIOLUOHHBIN 1 SMEPKEHTHBIN OIX0/bI K pean3aluu

5. Ilonstne ontonoruu. I[Ipumeps! onTosIorNil. TakcoHOMHUS U Te3aypyc. S3bIKn

MNpEaACTaBJICHUA OHTOJIOTHI U HHCTPYMCHTApPUU IJIA CO3JaHUA OHTOJIOTHH.

6. PacrtipenienieHHbIN UCKYCCTBEHHBIN MHTEIJIEKT. MHOroareHTHble cuctemMbl. KoMMyHHUKanm

B MHOT'OAreHTHBIX cucTeMax. MCIolbp30BaHre OHTOJIOTHH JJI1 CEMAaHTUUECKOTO COrIaCOBaHU
arc¢HTOB.

7. Ucnionp30BaHdE€ MHOTOAreHTHBIX CUCTEM I MOJACTITUPOBAHUA KOJUICKTUBHOI'O ITOBCACHUS.
8. HGCKpI/IHTI/IBHI)Ie soruku. CHHTAKCUC B CEMaHTHKA JACCKPUIITUBHBIX JIOTHK.

I[CCKpI/IHTI/IBHBIC JIOTUKU KaK OCHOBA IOCTPOCHUA CEMaHTUYECKOM MMayTUHBI.

9. CyTb KOHIIETIIIMY MAIIMHHOTO 00yUY€HHs, 4TO TaKoe UCKycCTBeHHbIN nHTeIekT (UN),

cl1a0bIil U cuinbHbI UU.

10. 3agaun NpUHATHS PENICHU, 3HAHUSI, KOHIETIINS HEYETKOCTH 3HaHUM, TexHonoruu M.
11. HeueTkas noruka.

12. DkcepTHBIE CUCTEMBI.

13. OcHOBHBIE BUIBI 32124 MATUHHOTO O0YYCHHUSI.

14. Tlepcentpon. [Tonsatue HeliponHoit cetu. CurMouaHbIN HelipoH. pyrue GpyHKuun

aKTUBAI[UU HEUPOHOB.



15. Yro takoe pynkius croumoctn? OyHKIIMH CTOUMOCTH, PACCMOTPEHHBIE B KypcCe.

16. Meton rpagueHTHOTO ciycka. CTOXaCTUYECKUH TPaIMEHTHBIN CITYCK.

17. Ucnonbp30BaHue TPaMEHTHOTO CITyCKa /Uit 00y4eHHs HEHPOHHBIX CeTe.

18. Dnoxwu, makeTsl, utepaunu. Jpyrue runepnapamerpsl. BiusHue runepnapaMeTpoB Ha
00y4eHue CeTH.

19. Anroput™m 00paTHOTO PACIPOCTPAHCHHS OLTHOKH.

20. CocoOsl yny4iieHust 00ydeHus: HBUPOHHBIX CETEH.

21. Yro Takoe nepeoOydeHne, KaK ero n30exarb.

22. Bo16op cTapTOBBIX TapaMeTpoB 00yUeHHUsI HEHPOHHOM CETH.

23. I'my6okue (HeiponHnbie) cetu. CII0KHOCTh 00yUeHUs ITyOOKHX CETEH.

24. CBepTOYHBIC CETHU.

4.2.2.6. IlpumepHbIii IepeYeHb TeM KypPCOBBIX padoT (IIPOEKTOB)
He mmanupyercs.

5. O0pa3oBare/ibHbIE TEXHOJIOTHHU
B nmponecce M3ydCHHd AUCHUIIIMHBI IMMPHUMCHACTCA KOHTAKTHAAd TCXHOJIOTHA NPCIOoJaBaHUA
(3a HCKIIIOYCHUEM CaAMOCTOATCIBHO H3Yy4YdCMBIX CTyICHTAMU BOHpOCOB). HpI/I IMPpOBCACHUU
MPAKTUYCCKUX pa60T IIPUMCHSACTCA HMHTaHHOHHBIfI 501050 CI/IMYJIHHI/IOHHLIf/'I Ioaxon. Iarn peicHu-d
3aa4 CTYACHTaAM IACMOHCTPUPYIOTCS IIPpU ITOMOIIH MYHLTHMGHHﬁHOﬁ TEXHUKHU. B ,I[aJ'ILHeﬁHIeM
CTYACHTLI CaMOCTOATCIIbHO PCIIAIOT aHAJIOTMYHBIC 3a/IaHK .

6. OnneHouYHbBIE CpeacTBa AJs TEKYIIEIo KOHTPOJISA yCII€BaAEMOCTH,

l'[pOMe)KyTO‘-IHOﬁ aTreCraluu 1o uToraMm OCBOCHudA AMCIHUIIJIMHBI.
@DOH/IBI OIICHOYHBIX MAaTEPHAIIOB (CPEICTB) MPUBEIEHBI B IPHIIOKEHUU.

7. YueOHO-MeTOAMYECKOE U MH(OPMAIIHOHHOE 00ecreYeHne JUCIUILIUHBI.

7.1. OcHOBHAas1 y4eOHO-METOAMYECKAS JIUTEPaTypa M0 AMCUHUILIMHE

1. Coicoes, /I. B. Beeaenue B TeOpuio HCKYCCTBEHHOTO MHTEIJIEKTA : yuyeOHoe mocobue / JI.
B. Csicoes, O. B. Kypunta, JI. K. Ilpockypun. — Mocksa : Aii IIu Ap Meaua, 2021. — 170 c. -
https://www.iprbookshop.ru/108282.html

2. Trorames, A. A. KoMmmbloTepHble CpeAcTBa HCKYCCTBEHHOTO MHTENJIEKTa : y4deOHoe
nocobue / A. A. Trorames. — Camapa : Camapckuil rocy1apCTBEHHbI TEXHUUYECKUIM YHUBEPCUTET,
OBC ACB, 2020. — 270 c. - https://www.iprbookshop.ru/105021.html

3. Mapkyc, I'. MckyccTBeHHBIH MHTEJUIEKT: Mepe3arpyska: Kak co3JaTb MaIllMHHBIA pasyM,
KOTOPOMY JEeHCTBUTENBHO MOKHO J1oBepsATh / I'. Mapkyc, 3. JIsBuc ; nepeox B. CkBop1oB ; noa
pemakmueir A. MapuenkoBoit. — MockBa : Amermmua [IPO, 2022. — 300 c. -
https://www.iprbookshop.ru/122525.html

4. Tunsii, A. . OCHOBBI METOJIOB MCKYCCTBEHHOT'O WHTEJUICKTA : y4eOHO-METOIUYECKOE
nocooue / A. W. Iunsii, JI. A. Anamiesnu. — Mocksa : MUCHU-MI'CY, 3BC ACB, 2023. — 60 c.
- https://www.iprbookshop.ru/142181.html

5. dxonc, M. T. IIporpamMmmupoBanue UCKYCCTBEHHOTO MHTeJUIEKTa B mpuiioxkeHusx / M. T.
Jlxonc ; mepeBog A. M. OcumoB. — 3-e uzn. — Caparos : [IpodobpazoBanue, 2024, — 312 c. -
https://www.iprbookshop.ru/145923.html

7.2. JlonoJIHUTEJIbHAS Y4eOHO-MeTOAUYeCKasi JIUTEPATYPA MO AUCHUILINHE
1. Cypoga, H. lO. UckyccrBennslii uaremnekt : MmoHorpagus / H. 0. Cypoa, M. E. Kocos.
— Mocksa : OHUTU-TAHA, 2021. — 408 c. - https://www.iprbookshop.ru/123354.html
2. BepeBkun, A. II. MckyccTBEHHBIM MHTEUIEKT B 3aJadax MOJEIMPOBAHMS, YIPaBIEHUS,
JTUAarHOCTHKH TEXHOJOTHUYECKHUX mporieccoB : MoHorpadus / A. I1. BepeBkun, T. M. Mypra3un. —
Mocksa, Bonorna : Uadpa-Umkenepus, 2023. — 232 ¢. - https://www.iprbookshop.ru/132995.html



3. CokonoB, H. C. Co3gaHne MHOTO(aKTOPHBIX BBIYMCIMTEIBHBIX MOJEICH pEeIICHUs
FeOTeXHUYECKUX 3a/1a4 C TIOMOIIIbI0 METO/I0B MCKYCCTBEHHOTO MHTEJUIEKTA: aHAIMTUYECKUI 0030p :
monorpadus / H. C. CokomoB. — Mocksa, Bonorga : Uudpa-Uuxenepus, 2024. — 308 c. -
https://www.iprbookshop.ru/143408.html

4. VICKyCCTBEHHBI WHTEIUICKT W HEHpOceTeBOe ympaBiieHHe : YydeOHoe mocodme /
coctaButenu T. E. MamonoBa. — Towmck : Tomckuit monutexaunueckuii yauepceurer, 2020. — 150
c. - https://www.iprbookshop.ru/134277.html

5. YenoBek u cucteMbl HICKycCcTBeHHOTO nHTEIIekTa / B. A. Jlekropckuii, C. H. Bacunbes, B.
JI. MakapoB [u np.] ; mox pemakumerr B. A. Jlektopckoro. — Cankr-IlerepOypr : FOpumuueckuit
uentp Ipece, 2022. — 328 ¢. - https://www.iprbookshop.ru/133137.html

6. Kynaea, ®. X. MndopmanoHHbIe TEXHOJIOTHH B MPO(ECCHOHATLHON NEATEIBHOCTH H
HWCKYCCTBEHHBIM HWHTEIUIEKT : ydeOHoe mocobue / @. X. KymaeBa, H. X. Hopamues, A. A.
KaiirepmazoB. — Hanpuuk : Kabapnuno-bankapckuii rocynapcTBeHHBIH YHMBEPCHTET UM. X.M.
Bbepbekona, 2023. — 196 c. - https://www.iprbookshop.ru/146732.html

7. Cotauk, C. JI. [IpoekTrpoBaHNE CHCTEM UCKYCCTBEHHOT'O MHTEJUICKTA ;| yueOHOe TTocooue /
C. JI. Cotnuk. — 4-e uzn. — Mocksa : MurepHer-YHusepcurer Mudpopmanuonnsix TexHomoruit
(UHTYUT), Aii [Tu Ap Menua, 2025. — 228 c. - https://www.iprbookshop.ru/146389.html

7.3. llepeyeHb HH(POPMALTMOHHBIX TEXHOJIOTHH, HCIIOJIb3YEeMbIX IPHU
OCyLIeCTBJICHUHM 00pa30BaTEJIbHOIO NPOLECca M0 JUCHUIINHE, BKIIOYAs
nepevYeHb NPOrpaMMHOr0 odecnevyeHusi © MHPOPMALMOHHBIX CIIPABOYHBIX

CHUCTEM

B  oOpazoBarensHOM  MpolleCCE€  HUCHONB3YIOTCA  MH(POPMAIIMOHHBIE  TEXHOJIOTUH,
pean30BaHHbIE  HA  OCHOBE  HMH(POPMAIMOHHO-00PAa30BaTE€IbHOrO  IOpTajga  HMHCTUTYTA
(www.mivlgu.ru/iop), 1 ”HOOKOMMYHUKAIIMOHHOW CETH HHCTUTYTA:

- IPEI0CTaBJIEHUE YUeOHO-METOINYECKUX MAaTEPUAIIOB B 3JIEKTPOHHOM BHJIE;

- B3aMMOJICHCTBME YYAaCTHMKOB 0Opa30BaTENILHOTO IIpolecca 4epe3 JIOKAIbHYIO CeTh
uHcTuTyTa U VIHTEepHET;

- IPEJOCTaBIIEHUE CBEICHUI O pe3ynbTaTaxX y4eOHON NeSATeNbHOCTH B 3JEKTPOHHOM JIMYHOM
KaOuHeTe 00yJaromerocs.

WHopmanoHHbIe CIIPABOYHBIE CUCTEMBI:

[Ipodeccrnonanbuplii HHOOPMALIMOHHO-aHATUTUYECKUN PECYpC, MOCBSIICHHBIH MAIIUHHOMY

O6y‘leHI/IIO, pacno3HaBaHUO O6p330B u HWHTCIUICKTYAJIbHOMY AHAJIN3Y JAaHHBIX
http://www.machinelearning.ru

GigaChat — OecrutaTHast HEHPOCETh Ha PYCCKOM sI3bIKE, KOTOpas OOIIaeTCs KaK YeIOBEK
https://giga.chat/

DeepSeek https://www.deepseek.com/

YandexGPT https://ya.ru/ai/gpt

[IporpammHuoe obecrieueHue:

Google Chrome (JIutiensuonHoe cormnamenue Google)

7.4. Ilepeyenn pecypcoB HHPOPMALMOHHO-TEJIEKOMMYHHUKAIIMOHHOM CeTH

«/HTEepHET», HEOOXOAMMBIX /IJI51 OCBOCHM S AU CIIUTIIMHBI
iprbookshop.ru
machinelearning.ru
deepseek.com
mivlgu.ru/iop

8. MarepuajibHO-TEXHUYECKOE O0eceyeHue U CIUTITHHbI
KomMnbroTepHslii K1acce
7 Ilepconanbnubix kommnbioTepoB HAFF, 5 Ilepconanbupix kommbloTepoB GA, 3
ITepcoHanbHBIX KOMIIBIOTEPOB "ANTEK"



9. MeTounquKne YKazaHud 110 OCBOCHUIO JTUCHUIIJIMHBI

JUisi  yCIIEIIHOTO OCBOCHHSI TEOPETHUYECKOro Marepuana OOYyYarolIuiics: 3HAKOMHUTCS CO
CIIMCKOM PEKOMEHIYEMON OCHOBHOU M JOINOJIHUTENIBHOW JINTEPATyphl; YTOUHSAET y NPENoJaBaTes,
KAaKUM JIOIOJHUTEJIbHBIM I1OCOOMSAM CIEIYeT OTAaTh IPEANOYTEHHUE; BEAET KOHCIEKT JEKUUH U
npopalaThIBaeT JEKIMOHHBIN MaTepHrall, OJIb3YsICh KaK KOHCIIEKTOM, TaK U y4eOHBIMU TTOCOOUSIMH.

Ha mnpaktuueckux 3aHATUAX IIPOWJICHHBIM TEOPETUYECKUM MaTepual IOAKPEILIAETCS
pELICHUEM 33/]1a4 [I0 OCHOBHBIM T€MaM AUCILUIUIMHBL. 3aHATUS IPOBOIATCS B KOMIIBIOTEPHOM KJlacce,
UCTIONB3Yysl  CHEIHMajJbHOE MporpaMMmHoe obOecrieuenue. Kaxmol moxarpymme o0ydarommxcs
npernojaBaTeNb BblAaeT 3a7ady. B KoHle 3aHsaTHsS oOydarolue IEeMOHCTPUPYIOT MOJyuYeHHBIE
pe3yNbTaThI MIPETMOJaBaTEI0 U IPH HEOOXOIMMOCTH JeNatoT paboTy Ha/l OIIUOKAMHU.

CamocTtosiTenbHasi paboTa OKa3plBa€T BaXXHOE BIUSHUE Ha (QOPMHUPOBAHUE JUYHOCTU
OyIylIero CreluaiucTa, OHa IUIaHUPYETCs: 00ydaromuMes caMoCcTosITeNIbHO. Kaxk b1it oOy4aromuiics
CaMOCTOSITENIbHO OIpEAeIsieT PEKUM CBOEH padoThl U Mepy Tpyla, 3aTpauyuBaeMOro Ha OBJIAJICHHE
y4eOHBIM CcO/Iep)KaHUEeM JUCHHUILIMHBL. OH BBINONHAET BHEAYAUTOPHYIO pPabOTy W H3ydeHHe
pa3zenioB, BHIHOCUMBIX Ha CaMOCTOSTENbHYIO PaldOoTy, MO JTUYHOMY WHAMBUAYAILHOMY IUIaHY, B
3aBUCHUMOCTH OT €0 IOJrOTOBKHU, BPEMEHU U JIPYTUX YCIOBUH.

dopMa 3aKIFOYUTEIBHOTO KOHTPOJIA IIPU MPOMEXYTOUHON aTTECTALlMU — 3a4€T C OLICHKOM.
Jis mpoBeneHus] MPOMEXKYTOYHOH aTTecTalluil 10 JUCIHILIMHE pa3paboTaHbl (OHI OLEHOYHBIX
CpencTB U OaUIbHO-PEUTHUHIOBAs CHCTEMa OLEHKHU Yy4eOHOH JesTenbHOCTH CTYAeHTOB. OlieHKa Mo
JTUCHUTUTMHE BBICTABISIETCS B MH()OPMAIIMOHHOW CHCTEME M HOCHT HMHTETPHPOBAHHBIA XapakTep,
YUHUTHIBAKOIINI PE3yNbTaThl OLICHUBAHUSI YYaCTHSl CTYACHTOB B ayJUTOPHBIX 3aHATHUIX, KAYECTBA U
CBOEBPEMEHHOCTH BBIIIOJIHEHUS 3a/laHuil B XOJ€ HU3YYEHHUs JUCUUIUIMHBI M TPOMEKYTOUHOU
aTTeCTalUU.
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Ilpunoscenue
DoH/I OLIEHOYHBIX MAaTEPHAJIOB (CPeICTB) MO AUCHHUIINHE
HckyccTBEHHBIN HHTEIICKT B TEXHOC(EPHOU 6€301acHOCTH

1. OHeHO‘IHbIe MaTepuaJbl AJ NPOBCACHUS TEKYIICI0 KOHTPOJISA yCII€EBAEMOCTH

Mo AUCHUIIJINHE
1. Yro takoe DeepSeek?
a) bubnmoreka niist paboThI ¢ TaHHBIMU
b) [TnaTdopma ans co3nanus BUICOUTP
¢) Cucrema UCKYCCTBEHHOTO MHTEJIIEKTA JUIsi 00pabOTKH 3alIpOCOB U TeHEPAIIUH OTBETOB
d) Onepamnmonnas cucrema

2. Kakyro 3amauy DeepSeek pemaer myure Bcero?
a) ['eneparus Tekcta Ha OCHOBE 3aIIPOCOB

b) Ynpasnenue podbotamu

¢) [IporpammupoBaHue Ha HU3KOYPOBHEBBIX SI3BIKAX
d) Coznanue rpadudecknx n300pakeHUun

3. Kaxkoii tun nanaeix DeepSeek oOpabareiBaer Hanbonee 3¢ hekTuBHO?
a) TexcToBbIC NaHHBIE

b) Buneodaiinbl

¢) Ayauoszanucu

d) 3D-moxenu

4. Kakoii U3 cieayronux 3anpocoB moaxoaut s DeepSeek?
a) "Hanumu kox Ha Python myst coptupoBku crimcka"

b) "Coznait 3D-moznens noma"

c) "O6paboraii Buaeo u 100aBb cnetdppexTs”

d) "3anumm ayauokHury"

5. Kakoii popmar 3anpocoB HanOosee apdextuBer 1t DeepSeek?
a) Kparkwuii n yetkuit 3anpoc

b) JAnuHHBIN U pacIIbIBYATHIN 3apoC

¢) 3arpoc Ha UHOCTPAHHOM SI3bIKe 0€3 KOHTEKCTa

d) 3anpoc 6e3 KOHKPETHOM LIeTn

6. Kak DeepSeek oOpabaTbiBaeT KOHTEKCT B iuanore?

a) 3alIOMHMHAET Bce NpeAbIAYIINe COOOIIEHUS B paMKaX OJIHOW ceccuu
b) UrHopupyeT KOHTEKCT U OTBEYaeT TOJIbKO Ha MOCIEAHHM 3ampoc

c¢) Mcnonb3yeT KOHTEKCT TOJIBKO U3 BHEITHUX HCTOYHHKOB

d) He ucnionb3yet KOHTEKCT BOOOIIIE

7. Kakue orpanundenus ectb y DeepSeek?

a) He MmoxxeT renepupoBaTh KOJ

b) MoxeT BbI1aBaTh HETOYHBIE HITH YCTAPEBINUE TaHHBIE
c) He paGoTaer ¢ TeKCTOBBIMH 3arIpocamMu

d) TpebyeT mOCTOSTHHOTO MOKIIOYCHUS K OJIOKUEHHY

8. Kaxoit u3 cinemyromux 3amnpocoB DeepSeek BBITTOTHUT KOPPEKTHO?
a) "OO0bsicHHU, KaK paboTaeT rpaBUTanus"

b) "Hapucyii kapTuny maciom"

c) "Co3nail My3bIKaJabHBINA TPEK"

d) "3anumm Buaeoypox"



9. Kakoli s3bIK IPOrpaMMHUPOBAHUS 4Yallle BCErO HCHOJB3YETCS JUIsl B3aUMOJEHCTBUS C
DeepSeek uepes API?

a) Python

b) Java

c) C++

d) Ruby

10. Yro Takoe "TokeHu3anusa" B KOHTEKCTe paboTel DeepSeek?
a) Paznenenue texcra Ha croBa win (passl A 00pabOTKU

b) IIpeoOpazoBanue TEKCTA B ayAHO

c¢) Co3ianue TOKEHOB I OJIOKYEiHA

d) llIndpoBanue JaHHBIX

11. Kakoii U3 cienyromux 3arpocoB Jy4Ile BCETO MOAXOMUT ISl MOJYUYEHHUS pa3BEPHYTOTO
oTBeTa’?

a) "Yro Takoe UN?"

b) "OtBeTsh: aa wiu Het"

c¢) "Ckomnbko Oynmer 2+27"

d) "Harmmmmm ogHO ¢10B0"

12. Kak DeepSeek oO6pabaTsiBaeT 3ampochl Ha pa3HbIX S3bIKax”?

a) [Topnep:xuBaeT HECKOJILKO SI3bIKOB, HO KAYEeCTBO OTBETA 3aBHCHT OT SI3bIKA
b) PaGoTtaer TOJIbKO Ha AaHTTIUHCKOM SI3BIKE

c) TpeOyer nepeBojia 3ampoca nepes 00padoTKon

d) Urnopupyer 3anpochl Ha APYTHX S3bIKaX

13. Kaxoii 3 cieayromux 3anpocoB MOKET BbI3BaTh podiemsl y DeepSeek?
a) "Hamummu scce Ha Temy 3Kko0run”

b) "IlepeBenu 3TOT TEKCT Ha (hpaHITy3CKHil"

¢) "Co3znait peanuctuyHoe U300paxeHue kora"

d) "OObsicHM TEOPHIO OTHOCUTEIHHOCTH"

14. Kako#i U3 crieyromux THCTPYMEHTOB MOKET ObITh IoJie3eH 11 uHTerpauuu DeepSeek B
IIPUIIOKEHUE?

a) API DeepSeek

b) I'paduueckuii penakrop

¢) baza nanupix MySQL

d) Buneomnneep

15. Yro takoe "fine-tuning" B konTekcte DeepSeek?
a) Hactpoiika Mojenu 1711 KOHKPETHOM 3a/1auu

b) Yiyuiienue kauecTBa U300pakeHui

¢) OnTumMH3anus CKOPOCTH PabOThI CHCTEMBI

d) YBenuuenue o0beMa JJaHHBIX

16. Uto Takoe uckyccTBeHHbIN nnTemekt (MI)?

a) TexHosorHsi, O3BOJISIFONIAS MAIIMHAM BBHITIOJNHATH 3aJ1a4d, TPEOYIOIINE YeTOBEUYECKOTrO
MHTEIJIEKTa

b) Ilporpamma st coznanus rpaduku

¢) Meton mmdpoBaHus TaHHBIX

d) YcrpoiicTBo 115t XpaneHuss “HGpopMauu

17. Kakas u3 mepedyrcICeHHBIX MOJCIICH SIBISETCS MPUMEPOM OOJBIION SI3BIKOBOH MOCIH
(LLM)?



a) GPT-4
b) ResNet
c) AlphaGo
d) SVM

18. Yro takoe NLP (Natural Language Processing)?
a) O6paboTKa €CTeCTBEHHOTO SI3bIKa

b) [IporpaMmmupoBaHre Ha HU3KOYPOBHEBBIX SI3bIKAX
c) Meron ananu3za n300paxeHui

d) TexHOJIOTHs CO3/aHUS BUPTYaIbHOW PEaIbHOCTH

19. Kakoif U3 mepeunciieHHbIX MOAX0I0B HCIOIB3YeTCs sl 00ydeHHs OOJBIITUX S3BIKOBBIX
Mozenei?

a) O0yuenwue c yuutenem (Supervised Learning)

b) O6yuenue 6e3 yunurens (Unsupervised Learning)

c¢) O6yuenue ¢ noakpermneHueM (Reinforcement Learning)

d) Bce BrlmenepevncieHHbIe

20. Yro Takoe "tokenuzanus" B kontekcte NLP?

a) Pa3bueHue TexcTa Ha OT/AEIbHBIC CIOBA WM YacTH CJIOB
b) lludpoBanue Tekcta

c) [lepeBon TekcTa Ha APYTOM S3BIK

d) Yanenue cTon-cioB u3 TEKCTa

21. Yro takoe mammuHOe o0yueHue (Machine Learning)?

a) HaGop anropuTmoB, MO3BOJISIFOIINX KOMIIbIOTEpaM 00y4aThCsl Ha TaHHBIX
b) IlporpammupoBanue Ha si3bike Python

c¢) Coznanue poboTOB

d) Meton mugppoBanus JaHHBIX

22. Kakas u3 nepeuncieHHbix 3a1a4y otHocutes kK NLP (Natural Language Processing)?
a) Knaccugukanus tekcra

b) PacrioznaBanue nzobpaxeHuit

c) [Iporno3upoBaHue 1IeH Ha aKIUU

d) AHanu3 3ByKOBBIX CUTHAJIOB

23. Yto Takoe "HelipoHHas ceTb"?

a) MaremaTHueckas MO/ieJib, BIOXHOBJICHHAs! pabOTON 4eI0BEYECKOro MO3ra
b) YcrpoiicTBo s niepegadn JaHHBIX

¢) Meron mmdpoBanus uHGopMauu

d) AnropuT™m COpTHUPOBKHU JaHHBIX

24. Kakas U3 nepeyucIeHHbIX MOJEJEH SBIISIETCS IPUMEPOM F'€HEPATUBHOM MOJETU?
a) GPT-4

b) ResNet

c) SVM

d) K-means

25. Yro Takoe "oOyuenue ¢ yuureneMm" (Supervised Learning)?
a) O0yueHue MOJIeNIi Ha pa3MEUEHHBIX JaHHBIX

b) O6y4yenue monenu 6€3 UCIIONH30BAHUS TAHHBIX

¢) OOyueHue Mo/IeH HAa HEPa3MEUEHHBIX JaHHBIX

d) OGydeHnne MOJeNH C TOMOIIBIO TTOAKPETUICHHS



26. Kakre OCHOBHBIE apXUTEKTYPbl HEHPOHHBIX CETEH HCIIONB3YIOTCS B OOJNBIINX S3BIKOBBIX
MOJEIsIX?

a) Ceprounsle HelipoHHbIe ceTu (CNN)

b) Pexyppentnsie Heliponnbie ceTu (RNN)

c¢) Tpauncdopmepst (Transformers)

d) I'eneparuBHbIe cocTszarenbhubie ceTH (GAN)

27. Yro Takoe "BHUMaHuE" (attention) B apXuTeKType TpaHnchopmepon?

a) MexaHu3M, MO3BOJISIONINI MOAETH (POKYCHPOBATHCS HA BAXKHBIX YACTSIX BXOJHBIX JAHHBIX
b) MeToa yMeHbIIICHUS pa3Mepa MOJISTH

¢) Crioco0 BU3yalih3auu JaHHBIX

d) AITOpUTM ONTUMU3ALNH

28, Kakue nanHble 0OBIYHO UCIIOJIB3YIOTCS I 00YUEHUsT OOJIBIINX S3BIKOBBIX MOJICIICH?
a) TekcThl U3 KHUT, CTaTe U BeO-CTpaHUIL

b) N300pakeHus 1 BUACO

¢) TaGau1el ¢ YUCITOBBIMU TAHHBIMU

d) Aynuozanucu

29. Uto Takoe "nepeodyuenue" (overfitting) B KOHTEKCTE MAIIUHHOTO O0y4YeHHUsI?

a) Moiens CIIMITKOM XOPOIIIO 3alIOMHHAET 00yJaroIIne JaHHBIE U II0X0 0000IIaeT Ha HOBBIE
JTaHHBIC

b) Moaenps He MOXKET 3alIOMHUTH O0yYaroIIe JaHHbIE

¢) Mopnenb paboTaeT CIUIIKOM MEAJICHHO

d) Mopenb TpeOyeT CIUIIKOM MHOTO BBIYUCIIUTEIBHBIX PECYPCOB

30. Kakue mpobiemMbl MOTYT BO3HUKATh IPH UCIIOIB30BAHUN OOJIBIIHX SI3BIKOBBIX MOZAETEH?
a) Bricokoe sHepromnorpebiaeHue

b) I'enepanust He1OCTOBEPHOM MM BPEJOHOCHON MH(pOpMaIIUU

¢) DTHYeCcKHe BONPOCHI, CBSI3aHHBIE C UCTIOJIb30BAHUEM JaHHBIX

d) Bce BbllIenIepeuncieHHbIe

31. Yo Takoe "tpanchopmep"” (Transformer)?

a) ApXUTEKTypa HEUPOHHOU ceTH Il 00pabOTKH MOCIIeA0BATENbHOCTEH
b) YcrpoiicTBo miis npeoOpa3oBaHus JaHHBIX

¢) Meron Buzyanu3anum JaHHBIX

d) Anroput™m oNnTUMHU3ALNUN

32. Yo Takoe "neprekcus” (perplexity) B KOHTEKCTE SA3bIKOBBIX MOJENE?
a) Mepa HeonpeeeHHOCTH MOJIeNT!

b) MeTos o1leHKH TOYHOCTH KIlacCU(DUKAITIN

¢) Cioco6 BU3yanu3aIuu JaHHBIX

d) Anroputm™m cxkaTus JaHHBIX

33. Kakue 3aauu pemaroT O0JIbIINE S3bIKOBBIC MOJIEITH?
a) ['eneparus Tekcra

b) IlepeBon Tekcta

c¢) Knaccugukanus rekcra

d) Bce BbIlIenepeyncieHHbe

34. Yro Takoe "apdext karacrpoduueckoro 3abpiBanus" (catastrophic forgetting)?
a) [ToTepst paHee N3YUCHHBIX 3HAHU MTPU OOYICHUH HA HOBBIX JTAHHBIX

b) VBenuuenne pazmepa MoaeH

¢) YMeHbIIeHHE CKOPOCTH 00y4eHUs



d) Ynyuamenue o6o0maroniel CnocoOHOCTH MOJIENN

35. Kakue MeTOo/IbI UCTIONIB3YIOTCS It OOpBOBI ¢ mepeoOyuenueM (overfitting)?
a) Perymspusanus

b) Dropout

¢) YBenuueHue oobemMa JIaHHBIX

d) Bce BrlmenepevncieHHbIe

36. Yro Takoe "camoBHuManue" (self-attention) B Tpanchopmepax?

a) MexaHu3M, MO3BOJISIONIMNA MOJICIA YYUTHIBATH B3aWMOCBSI3M MEXKIY BCEMHU CIIOBAaMH B
IPEIOKEHUH

b) MeToa yMEHBIICHUsT BEIYUCIUTEILHON CIIOKHOCTH

¢) Crioco0 BU3yaliu3auu JaHHBIX

d) AITOpUTM ONTUMU3ALNH

37. Kakue MeTOoJbl UCIIONIB3YIOTCS JIJIsl YMEHBIIICHUS pa3Mepa OOJBIINX S3BIKOBBIX MOJIEICH
0e3 3HAaUUTENbHOM NOTepU KauecTBa?

a) KBanroBanmue

b) Auctmmsimus 3aanuii (Knowledge Distillation)

c¢) O6pe3ska (Pruning)

d) Bce BrImenepevncieHHbIe

38. YUro Takoe "ToHKas HacTpoiika" (fine-tuning) B KOHTEKCTE OOIBIINX S3BIKOBBIX MOJIEIICH?
a) [Iponecc ananTauuu npegody4eHHON MOJENIN K KOHKPETHOH 3a/1aue

b) YBenuuenue pazmepa Moaeu

¢) YaneHue cioeB U3 MoJieNu

d) 3MeHeHune apXuTeKTypbl MOJIEIH

39. Kakue sTuyeckue mpoOaemMbl MOTYT BO3HUKATh MPU MCTOIB30BAHUH OOJIBIIUX SI3BIKOBBIX
Mojenen?

a) ['enepanus 10:xHON UHPOpPMALTUU

b) Hapymienne koHpuAEHIINATHHOCTH TaHHBIX

¢) Ycunenue npeasssitoctu (bias)

d) Bce BhlienepeuncieHHbIe

40. Kakoif U3 nepeyrcIeHHbIX METO/I0B UCIIOJIB3YETCs /IS YIYUIIeHUsl KauecTBa reHepalnuu
TeKcTa?

a) Beam search

b) Ciyuaiinbiii Bei6op (Random sampling)

c¢) Temmneparypa (Temperature)

d) Bce BbllenepeyncieHHbie

41. Yro Takoe "zero-shot learning™?

a) BozamoxHOCTH MOZIE€H pemiaTh 3a/1aun 6€3 SBHOTO 00Y4YeHHUsl Ha HUX
b) O6y4yenue monenu ¢ HyJs

¢) Mertos yMeHbIIIEHUs pa3Mepa MOJENN

d) AnropuT™m ONTUMH3AINAN

42. Kakve KOMIIOHEHTHI BXOJIAT B apXUTEKTYpy TpaHchopmepa?
a) DHKOJIEp U JeKoAep

b) Mexanu3M BHUMaHUS (attention)

c¢) [lonHOCBA3HBIE CII0U

d) Bce BrImenepevncieHHbIe



43. Yto Takoe "muctrsinust 3HaHmin" (Knowledge Distillation)?
a) [Iponecc mepenaun 3HaAHUI OT OOJBIITON MOJIETN K MEHBIIIEH
b) YBenuueHnue pazmepa MoIeH

¢) YajieHue CIIOeB M3 MOJICITH

d) 3MeHeHue apXUTEKTYPbl MOJICIH

44. Yro takoe "koHTekcTHOE OKHO" B DeepSeek?

a) ObnacTp KpaHa, r1e 0TOOpaKarOTCs OTBETHI

b) Orpannyenne Ha KOJIMYECTBO CIIOB WM TOKEHOB, KOTOPBIE MOJIEIb MOXET 00padoTaTh 3a
OJIMH 3a1poC

c¢) I'paduueckuii untepdeiic st HACTPOUKH MAPaMETPOB

d) MucTpymeHT 1t BU3yaau3alnuy JaHHBIX

45. Kako#t u3 ciaeayromux mapaMmeTpoB MOXKET BIUATh Ha kadecTBO oTBeTa DeepSeek?
a) Temneparypa (temperature)

b) SpkocTh skpaHa

¢) CkopocTh MHTEpHETA

d) Pazmep mpudra

46. Yto nenaet napametp "temperature" B DeepSeek?
a) KonTponupyer ciay4yailHOCTh reHepaluu TeKcTa

b) YBenuunBaet ckopocTh 00pabOTKH 3alIpOCOB

¢) YMeHbIIIaeT UCTIOIb30BAHKE TAMSIITH

d) Bausier Ha BeToBy10 cxemy unHTepdeiica

47. Kakoii U3 CIIeIyIONMX 3alPOCOB JYYIIE BCETO MOIXOIUT Il TECTUPOBAHUSI CIIOCOOHOCTH
DeepSeek k normueckoMy MbIIITIEHUIO?

a) "Hanwumm ctuxoTBopeHue"

b) "Pemm MmaTtemarndeckyto 3amgaqy: 2X + 5 = 15"

c) "llepeBenu TEKCT HA UCTTAHCKUIA"

d) "Co3naii cniucok GpuibMoB"

48. Yto Takoe "few-shot learning" B kontekcte DeepSeek?
a) O0ydeHue Mo/ieH Ha HEOOJIBIIOM KOJIMYECTBE IPUMEPOB
b) Ymensienue pazmepa Moaenu

¢) Yckopenue 06paboTKH 3apocoB

d) YBenuueHue Koan4yecTBa MojA/IepKUBAEMBIX S3bIKOB

49. Kakoit u3 clemyromux 3alpocoB MOXET MOMOYhL OIEHHUTH crocoOHocTh DeepSeek k
reHepaluy KpeaTuBHOro KOHTEHTa?

a) "Hanumu pacckas o myremectBuu Ha Mapc”

b) "Ilepeuncnu cronuisl ctpad EBporisr”

¢) "OOBsicHHU, KaK paboTaeT HEHPOHHAS CETh"

d) "Pemmu ypaBHenue: 3x - 7 = 14"

50. Yro Takoe "TokeH" B KoHTeKcTe paboThl DeepSeek?

a) EnuHuniia Texcta, KOTOpyro Mojiens 00padaTeiBaeT (HampuMep, CIOBO MIJIH YacTh CJIOBA)
b) KpunroBamora Juist OIIIaThl 3a1pocoB

¢) MHCTpyMeHT [T BU3yalln3aiuy TaHHBIX

d) Tun naHHBIX U1 XpaHEHUsT U300paKeHUH

51. Kakoii w3 cleayromux 3ampoCcOoB MOXET BbI3BaTh MNPOOJIEMbI H3-32 OTpPAHHYCHUI
KOHTEKCTHOT'O OKHA?
a) "Hanumu kopotkuii orser”



b) "IlepeBenu onHO mpeaoxkeHue"
¢) "Co3znait moapoOHbIit oTueT Ha 10 cTpanui"
d) "Pemmn npumep: 2 + 2"

52. Kakoil w3 cueayrolux [apaMeTpoOB MOXKET IIOMOYb YMEHBIIUTH KOJIMYECTBO
"rayumronHaIMi" (HEKOPPEKTHBIX 0TBEeTOB) B DeepSeek?

a) YBenuueHue TemnepaTypsl (temperature)

b) Ymensienue temneparypsl (temperature)

¢) YBenuueHue JIMHbI OTBETA

d) Ucnonws3oBanue 00Jiee CI0KHBIX 3aIIPOCOB

53. Yto takoe "prompt engineering"?

a) [Ipouecc co3manust 3(h(HEKTUBHBIX 3aMPOCOB IS TOJTYUYCHHS] KQYECTBEHHBIX OTBETOB OT
MOJIeITN

b) Pa3pabotka ammapaTHoro obecnieuenus st M

¢) Hactpoiika rpaduyeckoro uarepderica

d) OOy4enre MoIeT Ha HOBBIX JaHHBIX

54. Kaxkoii U3 cIeIyIoInX 3anpocoB sBysieTcs mpumepoM "zero-shot learning?
a) "llepeBenu 3TOT TeKCT Ha (paHIy3ckuil" (0e3 mpuMepoB epeBoa)

b) "Hanumu kox Ha Python, ucnone3ys npumepsl U3 JOKyMeHTaIMH'"

c¢) "Co3naii ciucok (puiabMoB, moxoxux Ha 'Matpura'

d) "Pemm 3agaqy, MCTIONB3Ys MPEIOCTABICHHbBIE JaHHbIE"

55. Kakoil W3 cCleayrommMx HHCTPYMEHTOB MOXET OBITh IOJIE3€H JUIsl aHaiu3a OTBETOB
DeepSeek?

a) Jupyter Notebook

b) Photoshop

c) AutoCAD

d) Buneomnneep

56. Uro takoe "beam search" B KOHTEeKcTe reHepaluy TekcTa?

a) ANTOpUTM ToHCcKa HanOoJiee BEpOSTHON TIOCIIEIOBATEIIEHOCTH CIIOB
b) Meton BU3yanu3auu JaHHbBIX

¢) UHcTpyMeHT ni1st yBenu4eHus CKopocTu o0paboTKu

d) Cnoco0 ymeHbIIeHUs pa3Mepa MOJEeTU

57. Kakolt U3 clieyIonMx 3apoCcoB JIydlle BCEro NOIXOAUT AJIs TECTUPOBAHUS CLIOCOOHOCTH
DeepSeek k ananu3y naHHBIX?

a) "lIpoananu3upyit 3T0T HaOOp AAHHBIX U Hal/IM 3aKOHOMEPHOCTH"

b) "Hanumu ctuxotBopeHue"

c) "llepeBenu TEKCT Ha KUTAWCKHIA"

d) "Cosznaii criucox kKHUT"

58. Kakoii u3 ciemyrmux HapaMeTpoB MOXET IOMOYb YIYYIINTh KadecTBO OTBETOB
DeepSeek as TeXHUUECKUX 3aITPOCOB?

a) YBenuueHue TemrepaTypsl (temperature)

b) Ucnonb3oBanue 0osiee TOUHBIX U J€TaIbHBIX 3aIIPOCOB

¢) YMeHbIICHNE JTTMHBI OTBETA

d) UrnopupoBaHue KOHTEKCTa



O0mee pacnpenenenue 0a/110B TeKyIero KOHTPOJISI 10 BUAAM y4eOHBIX padoT 1Jisl CTY/IeHTOB

PeliTunr-kontpois 1 2 npakTU4YeCKuX paboThl 25
PeitTuHT-KOHTPOIIB 2 3 MpakTHYEeCKUuX paboThI 30
PeliTuHT-KOHTPOIH 3 3 MpaKTUYECKUX PabOTHI 30
[Tocemenue 3anatuii 5
CTYJICHTOM

JlomoTHUTETbHBIE OATUTBI 5
(6onyCHI)

BrinosiHeHue ceMecTpoBoro

IJIaHa CaMOCTOSITEIbHOM 5
paboThI

2. IIpome:kyTOYHAA aTTeCTAIUA MO AUCHUIINHE
ITepedyenb BOpPoCoOB K IK3aMeHYy / 3a4eTy / 3a4eTy ¢ OLeHKOM.
Ilepeyenn npakTHYecKUX 3a1a4 / 3alaHUi K IK3aMeHY / 3a4eTy / 3a4eTy ¢ OleHKOMH (mpu
HAJIMYHIH)

OIIK-1
brok 1 (3HaTh)

Uro Takoe uckycctBeHHbIN uHTEIIeKT (MN)?

a) TexHosorusi, MO3BOJISIIONIAS MAIlIMHAM BBHITIOJIHATH 3a/1aud, TPEOYIOIIHME YEIOBEYECKOTO
MHTEIJICKTa

b) Ilporpamma st co3nanus rpaguku

¢) Meton mudpoBaHus TaHHBIX

d) YcrpoiicTBo A XpaHeHUs: HHPopMaIuu

Kakas 13 mnepeuucieHHbIX Mojenel SBIseTcs NPUMEpPOM OOJbIION S3BIKOBOM MOAETU
(LLM)?

a) GPT-4

b) ResNet

c) AlphaGo

d) SVM

Yro takoe NLP (Natural Language Processing)?

a) O6paboTKa €CTECTBEHHOTO SI3bIKa

b) IlporpamMmmupoBanrie Ha HU3KOYPOBHEBBIX SI3BIKAX
c) Meron ananu3za n3o0paxeHui

d) TexHonorus co3naHusi BUPTYyaJIbHOM pealbHOCTH

Kakoit n3 mepeyucieHHBIX MOIXO00B HCIOIB3YeTCA I OOy4YeHHsS OONBIINX S3BIKOBBIX
Mozenei?

a) O0yuenue ¢ yuurenem (Supervised Learning)

b) OGyuenue 6e3 yuurens (Unsupervised Learning)

c¢) O6yuenue c noakpernueHueM (Reinforcement Learning)

d) Bce BhlenepevncieHHble

Yro Takoe "Tokenusanus" B koHTekcte NLP?

a) PazOuenue TekcTa Ha OTACIBbHBIC CJI0BA MJIA YaCTH CJIOB
b) llIudpoBanue TekcTa

c¢) [lepeBos TekcTa Ha APYTOM SI3BIK



d) Ynanenue cTom-ciaoB U3 TEKCTa

Uro Takoe MammaHOE 00y4yeHue (Machine Learning)?

a) Habop aroputMoB, MO3BOJISIONIMX KOMITBIOTEPAaM 00y4aThCsl Ha JaHHBIX
b) I[IporpammupoBanue Ha si3pike Python

c¢) Coznanue poOOTOB

d) Meron mudpoBaHus JaHHBIX

Kakas u3 nepeuncrnennsix 3a1ad orHocutcst K NLP (Natural Language Processing)?
a) Knaccudukarmus Texcra

b) Pacnio3naBanue n3o0paxeHui

¢) [Iporuo3upoBaHue 1IeH HA aKIUA

d) AHanu3 3ByKOBBIX CUTHAJIOB

Uro Takoe "HeiipoHHas ceTh"?

a) MaremaTurueckasi MOJieib, BIOXHOBJICHHAsI pa0OTON 4eJI0BEYECKOI0 MO3Tra
b) YcrpoiicTBo A nepegavn TaHHBIX

¢) Meron mmdpoBanus nHGOpMAITUU

d) AnropuT™M COPTHPOBKU JAHHBIX

Kaxkas 13 nepeunciaeHHbIX MOJICIICH SBIISIETCS] IPUMEPOM T'€HEPATUBHONU Mozen?
a) GPT-4

b) ResNet

c) SVM

d) K-means

Uro Takoe "oOyuenue ¢ yuutenem" (Supervised Learning)?
a) O0yueHue MOJIeNId Ha pa3MEUEHHBIX JaHHBIX

b) O6y4yenue moenu 6€3 UCIIOIH30BAHUS TAHHBIX

c) OGyueHue MoJieNi Ha Hepa3MEUEHHBIX JTaHHBIX

d) OGyueHnne MOJeNH C TOMOIIBIO TTOAKPETUICHUS

UYro takoe DeepSeek?

a) bubnmoreka st paboOTHI ¢ JAHHBIMU

b) Ilnardopma a1t co3nanusi BUICOUTP

¢) Cucrema UCKYCCTBEHHOT'O MHTEIIEKTa AJi1 00pabOTKHU 3allpOCOB U I'eHEpallii OTBETOB
d) OneparnmonHnas cucrema

Kakyro 3amauy DeepSeek pemraer myudrie Bcero?

a) ['ereparust TeKCTa Ha OCHOBE 3aMPOCOB

b) Ynopasnenune pobotamu

c¢) [IporpamMupoBanrie Ha HU3KOYPOBHEBBIX SI3BIKAX
d) Coznanue rpaduueckux n300pakeHU

Kaxoii Tun nannbeix DeepSeek o6pabaTsiBaet Haubonee 3¢ dhexTuBHO?
a) TekcToBbIE JaHHBIE

b) Buneodaiinbt

¢) Ayauoszanucu

d) 3D-monenu

Kaxkoit u3 cnenyromux 3ampocoB noaxonut st DeepSeek?
a) "Hanumm xox Ha Python ans coptupoBku cnmcka”

b) "Co3nait 3D-moznens noma"

c) "O6paboraii Buaeo u 100aBs creudppexTs”



d) "3anumm aynuokHury"

Kakoit ¢popmar 3anpocoB Haubomee s dextuen it DeepSeek?
a) Kpatkuii n yeTkuii 3anpoc

b) AnuHHBIN U paCIUIBIBYATHINA 3a1IPOC

¢) 3anpoc Ha MHOCTPAHHOM SI3bIKE 0€3 KOHTEeKCTa

d) 3ampoc 6e3 KOHKPETHOH 1eNn

bnok 2 (ymets)

Kakne OCHOBHBIC ApXUTEKTYpbl HEUPOHHBIX CETEH HCHOJIB3YIOTCS B OOJBLIMX S3BIKOBBIX
MOJEeIsIX?

a) Ceprounsle HelipoHHbIe ceTu (CNN)

b) Pexyppentnsie Heliponnbie ceTu (RNN)

c¢) Tpancdopmeps! (Transformers)

d) 'eneparuBnble cocTszarenbHbie ceTd (GAN)

Uro Takoe "BHUMaHHE" (attention) B apXxuTeKType Tpanchopmepon?

a) MexaHu3M, MO3BOJISIONINI MOACITH (POKYCHPOBATHCS HAa BAYKHBIX YACTAX BXOIHBIX JTAHHBIX
b) MeToa yMEHBIICHHUS pa3Mepa MOJICIN

¢) Crioco0 BU3yaliu3auu JaHHBIX

d) AITOpuUTM ONTUMU3ALNH

Kakue nannpie 00bIYHO HCTIONB3YIOTCS ISl 00y4eHUs OONBIINX SA3BIKOBBIX MOJIETICH?
a) TekcThl U3 KHUT, CTaTe U BeO-CTpaHUIL

b) N300pakeHus 1 BUACO

¢) TaGau1el ¢ YUCITOBBIMU JTAHHBIMU

d) Ayanozanucu

Uro Takoe "mepeoOydenue" (overfitting) B KOHTEKCTE MAIIMHHOTO O0yUeHus1?

a) Mojienb CIMIIKOM XOPOIIIO 3alIOMUHAET O0YUYarOIINe TaHHbIE U TUI0X0 0000IaeT Ha HOBBIE
JaHHBIC

b) Mojens HE MOKET 3alIOMHHUTH 00yUalOIINUe TAHHbBIE

¢) Monens paboTaeT CIUIIKOM MEJIEHHO

d) Mopenb TpeOyeT CIUIIIKOM MHOTO BBIYUCIUTEIBHBIX PECYPCOB

Kakue npo0iaeMbl MOT'YT BO3HHKATh TPH UCTIOJIb30BAHUH OOJIBIINX SI3BIKOBBIX MOJIEIICH?
a) Bricokoe sHepromnorpebiaeHme

b) I'eneparnust HeTOCTOBEPHOM MM BPEJOHOCHON MHGOpMauu

¢) DTHYECKHE BONPOCHI, CBSI3aHHBIE C UCTIOJIB30BAHUEM JaHHBIX

d) Bce BbllenepeyncieHHbie

UYro Taxoe "tpanchopmep" (Transformer)?

a) ApXUTEKTypa HEMPOHHOW CeTH i1 00pabOTKHU MOCIIEI0BaTEIbHOCTEM
b) YcrpoiicTtBo s npeobpa3oBaHus JaHHBIX

¢) Merton Busyanu3aiuy JaHHBIX

d) Anroput™m onTUMHU3ALUU

Uro Takoe "nepruiekcus” (perplexity) B KOHTEKCTE S3bIKOBBIX MOJIETEH?
a) Mepa HeonpeeIeHHOCTH MOJIeNT!

b) MeTos o1leHKH TOYHOCTH KIlacCU(DUKAITUN

¢) Cioco6 BHU3yanu3aIuu TaHHBIX

d) AnropuT™m CKaTHS JaHHBIX



Kakwue 3amaun permaroT O0bIue sI36IKOBBIC MOJIEITH?
a) ['eneparus Tekcra

b) ITepeBox TekcTa

¢) Knaccudukamus texcra

d) Bce BhlmenepevncieHHbIe

UYro takoe "3pdext karactpoduueckoro 3adbbiBanus" (catastrophic forgetting)?
a) [Toreps paHee M3y4eHHBIX 3HAHUH TPH 00YYCHUH HA HOBBIX JTAHHBIX

b) YBenuueHnue pazmepa MoIeIH

¢) YMEHBIIICHHE CKOPOCTH O0YUCHHS

d) Yiyuamenue o6o0maroniel CnocoOHOCTH MOJIEIN

Kakue metoapl HCIONB3YIOTCS 7151 00pBOBI ¢ TepeodydeHuem (overfitting)?
a) Perymspusanus

b) Dropout

¢) YBenuueHue oobeMa TaHHBIX

d) Bce BrlmenepevncieHHbIe

Kak DeepSeek o0pabaTpiBaeT KOHTEKCT B Auajiore?

a) 3alOMHMHAET BCe NpeAbAYyIne COOOIIEHUS B paMKaX OJIHOW ceccuu
b) UrHopupyeT KOHTEKCT U OTBEUYAET TOJIBKO HA MOCIEAHMM 3ampoc

c¢) Mcnonb3yeT KOHTEKCT TOJIBKO U3 BHELITHUX UCTOUYHHKOB

d) He ucnonp3yeT KOHTEKCT BOOOIIE

Kakue orpannuenus ects y DeepSeek?

a) He Moxer reHepupoBaTh KO/

b) MosxeT BblIaBaTh HETOYHBIC WIIM YCTAPEBIIHE JTaHHBIC
c) He paGoTaer ¢ TeKCTOBBIMH 3aripocamMu

d) TpeOyeT mOCTOSTHHOTO MOJIKIFOUEHHUS K OJIOKYEHHY

Kaxoit u3 cnenyromux 3anpocoB DeepSeek BBITOTHUT KOPPEKTHO?
a) "O0bsicHHU, KaK paboTaeT rpaBuTanus"”

b) "Hapucyii kaptuny maciom"

c) "Co3nait My3bIKaIbHBIN Tpek"

d) "3anumm Bugeoypok”

Kakoil s3bIK HporpaMMHpOBaHHUs 4alle BCETO MCIHOJB3YeTCs JUI B3aMMOJEHCTBHS C
DeepSeek uepe3 API?

a) Python

b) Java

c) C++

d) Ruby

Uro Takoe "TokeHu3anus" B KOHTeKcTe padboTel DeepSeek?
a) Pa3nenenue Tekcra Ha ciioBa win ¢pas3sl Jsi 00pabOTKH
b) I[IpeoOpazoBanue TEKCTa B Ay U0

c¢) Co3nanne TOKEHOB TSt OJIOKYeiTHa

d) HIudposanue naHHBIX

bnok 3 (Bnanets)
Uro Takoe "camoBHuManue" (self-attention) B Tpancdopmepax?

a) MexaHu3M, TO3BOJISIONIMNA MOJIETN YYUTHIBATh B3aUMOCBSI3M MEKIYy BCEMH CJIIOBAMH B
MpeII0KEHUN



b) MeTron yMEHbIIIEHUS! BEIYUCIUTEIHLHON CIIOKHOCTH
¢) Crioco0 BU3yaM3aIuu JaHHBIX
d) AnropuT™m ONTUMHU3ANAN

Kakue mMeToapl MCTIONB3YIOTCS Il YMEHBIICHUS pa3Mepa OONBIINX SI3BIKOBBIX Mojelneil 6e3
3HAYUTEJIBHOM NOTEepHU KayecTBa?

a) KBanrosanue

b) ductumnsanus 3Hanuii (Knowledge Distillation)

c¢) O6peska (Pruning)

d) Bce BhImenepevncieHHbIe

Yro takoe "ToHKas HacTpoiika" (fine-tuning) B KOHTEKCTE OOJIBIINX A3BIKOBBIX MOJICIICH?
a) [Iponecc ananTanuu npeaoOy4eHHON MOJENTN K KOHKPETHOH 3a/1aue

b) VBenuuenue pazmepa MOJCIH

¢) Y naneHue cjioeB U3 MOJAEIHU

d) 3MeHeHue apXuTeKTypbl MOJIEIH

Kakue stmyeckue mpoOiieMbl MOTYT BO3HHUKATH IPH HCIOJIb30BAHUU OOJIBIIUX S3BIKOBBIX
Mojenei?

a) ['enepartus 10XKHON MHGOPMAITIH

b) Hapymienne koHQUISHIINATBHOCTH TaHHBIX

¢) Ycunenue npenp3sitoctu (bias)

d) Bce BrlmenepevncieHHbIe

Kakoii u3 mepeyrcieHHBIX METOAOB HCIONB3YEeTCS U YAyYIICHUS KadyecTBa T'eHEepaluu
TeKcTa?

a) Beam search

b) Cnyuaiinsiif Bb100p (Random sampling)

c¢) Temneparypa (Temperature)

d) Bce BhlienepeunciaeHHble

Yro Takoe "zero-shot learning™?

a) Bo3aMoXHOCTH MOJIEH peliaTh 3a/1a4u 0€3 SBHOTO O0yUeHUsI Ha HUX
b) O6yueHue MoaeH ¢ HyIs

¢) MeToJ1 yMEHBIIIEHUS pa3Mepa MOJIEITH

d) AnropuT™m ONTUMHU3ALUN

Kakune KOMIIOHEHTBI BXOJST B apXUTEKTYpy TpaHchopmepa?
a) DHKOJEp U JIeKoIep

b) Mexanu3m BHUMaHU (attention)

¢) [lomHOCBSI3HBIE CIOM

d) Bce BolenepeuncieHHble

Uro Takoe "muctumsanus 3Hanuit" (Knowledge Distillation)?
a) [Iponecc mepenaun 3HaAHUI OT OOJBIITON MOJIETN K MEHBIIEH
b) YBenuuenue pazmepa Moaenu

¢) Y naneHue cioeB U3 MOJIEIH

d) MI3meHeHue apXUTEKTypbl MOJIEIH

Kakue npo0iaemMbl MOTYT BO3HUKATh NPH UCHOIB30BAHUHU OOJIBIINX SI3IKOBBIX MOJIeNei?
a) Breicokoe sHepromnoTpebieHne

b) 'eneparus HeqOCTOBEPHON MH(DOPMAITUH

¢) DTUYECKHEe BOIIPOCHI

d) Bce BhlenepeuncieHHbIe



Kakoit u3 crieayromux 3ampocoB JIydllle BCEro MOIXOMUT JIsl TONYYEHHUS Pa3BEPHYTOTO
orBera’?

a) "Yro Takoe UN?"

b) "OTBeTh: 1a wim Het"

¢) "Ckonbko Oyaer 2+27"

d) "Hamummm ogHO c10B0"

Kak DeepSeek oOpabaTsIBaeT 3anpockl Ha pa3HbIX SI3bIKAX?

a) [Tognep:kuBaeT HECKOJIBKO SI3BIKOB, HO KAYECTBO OTBETA 3aBHCHT OT SI3bIKA
b) PaGoTaer TonbKO Ha AHTJIMICKOM SI3BIKE

¢) Tpebyer nepeBoja 3ampoca mnepes 00padboTKoM

d) Uraopupyer 3anpochl Ha APYTUX s3bIKax

Kakoii u3 ciuenyronux 3arpocoB MOXKET BbI3BaTh mpodiiembl y DeepSeek?
a) "Hanwumu scce Ha Temy dKoIorun”

b) "IlepeBenu ATOT TEKCT HA (hpaHITy3CKHit"

¢) "Coznaii peanuctuyHoe n300paxenue kora"

d) "OOBsicHU TEOPHIO OTHOCHTEITHLHOCTH"

Kakoii u3 cienyrommx WHCTPYMEHTOB MOXET OBITh Mmosie3eH Juisi mHTerpanuu DeepSeek B
npusoxeHue?

a) API DeepSeek

b) I'padmueckuii pegakrop

¢) baza nannbix MySQL

d) Buneomneep

Yro takoe "fine-tuning" B konTekcte DeepSeek?
a) Hactpoiika Mojenu 171 KOHKPETHOM 3a/1auu
b) Viyumienne kauecTBa U300paxeHui

¢) OnTumu3anms CKOpoCTH paboThl CUCTEMBI

d) YBenmuuenne oobeMa JTaHHBIX

MeToauuecKkue MaTepHuaJibl, XapaKTCPU3YIOIHUE NNPOLUCAYPbI OLICHUBAHUA

NuauBuayanbHbINA CEMECTPOBBIM PEUTHHT CTy/IeHTa (GOPMUPYETCS Ha OCHOBE JACHCTBYIOLIETO
B BY3e Ilonoxenus "O mnpoBeaeHMM TEKYHIETO KOHTPOJISI YCIEBAEMOCTH M IPOMEXKYTOUHOU
aTTecTanuu ooyJaronuxcs'.

B Teuenue cemecTpa CTYAEHT MosydaeT Oayuibl yCIIEBA€MOCTH 32 BBIMIOJHEHHE BCEX BUIOB
y4eOHBIX TMOPYYEHUN: TOCEIIeHUe JIeKIUH, BBIMOJHEHUE MpakTHueckux pador. Ilo cymme
HaOpaHHBIX 0aJJIOB BBICTABISETCA 3a4ET C OLEHKOM.



MaxkcumanbHast cymma 6asutoB, HabupaeMasi CTyIeHTOM 1o JucuuruiiHe pasHa 100.

Onenka | Onenka no mKaie O6ocHOBanue Yposenw

B chopmuposannocmu
Oamnax KOMRnemeHuyuil
bonee | «OTmmuHO» Coneprxanue Kypca OCBOECHO Buvicokuii ypoeenn
80 MOJTHOCTBIO, 06€3 TIPo0eoB,

HEO0OXO0IMMBIC TPAKTUICCKHIE HABBIKU
paboThI ¢ OCBOCHHBIM MaTEPHAIOM
c(OpMHPOBAHBI, BCE
MPEIYCMOTPEHHBIE IPOTrPaMMOi
oOydeHust yueOHbIE 3aaHs
BBINTOJHEHBI, KAYECTBO X
BBIITOJHEHUS OI[CHEHO YUCIIOM
0ayI0B, OJIM3KUM K MAaKCUMAIbHOMY

66-80 | «Xopormo» Coneprxanue Kypca OCBOEHO Ilpoosunymotii
MTOJIHOCTBIO, 0€3 MpoOeoB, YpoeeHb
HEKOTOPBIC MPAKTUYCCKHE HABBIKH
paboThl C OCBOEHHBIM MaTEPHUAIIOM
c(OpMHPOBaHBI HEAOCTATOYHO, BCE
MPEyCMOTPEHHBIE IPOTPAMMOMA
oOyueHus: yueOHbIE 3aJaHUs
BBITTOJIHEHBI, KAYECTBO BBITIOJTHEHUS
HU OJIHOTO M3 HUX HE OIICHECHO
MUHUMAaJIbHBIM YHCIIOM 0aJlIoB,
HEKOTOPbIC BUJIbI 331aHUI
BBITTOJIHEHBI C OMIMOKaMH

50-65 | «YmoBieTBOpUTETHHOY ConeprxaHue Kypca OCBOEHO Ilopozoewiit yposens
YaCTUYHO, HO MTPOOETIBI HE HOCAT
CYIIIECTBEHHOI'O XapakTepa,
HE00XO/IMMBIC TIPAKTUIECKHE HABBIKU
paboThI ¢ OCBOEHHBIM MaTEPUAJIOM B
OCHOBHOM C()OpMHPOBAHBI,
OOJIBIIIMHCTBO MPETyCMOTPEHHBIX
porpaMMoii o0yueHus: yueOHbIX
3aJJaHU BBINOJIHEHO, HEKOTOPBIE U3
BBITTOJIHEHHBIX 33JJaHUI, BO3MOXKHO,
coJiepKaT OIMOKH

Menee | «HeynosnerBoputenbHo» | ComepxaHue Kypca HE OCBOEHO, Komnemenuyuu ne
50 He0OXO0/IMMBbIE TPAKTUUYECKHE HABBIKU | chopmuposanvi
paboThl HE CHOPMHUPOBAHEI,
BBITIOJTHCHHBIC YU€OHBIE 3aJaHuUs
CoJIep>KaT rpyObIie OMUOKH

3. 3agaHus B TecTOBOI (popMe MO TUCHUILINHE
[Ipumeps! 3ananuit:
Kaxkas u3 nepeuncnennbix 3amad otHocutes k NLP (Natural Language Processing)?
a) Knaccugukanus tekcra
b) PacnioznaBanue nzobpaxeHuit
c) [Iporno3upoBaHue 1IeH Ha aKIUU
d) AHanmu3 3BYKOBBIX CHTHAJIOB



Kakasgs #3 mnepedyuciIeHHBIX MoJeNel sBISETCS NPUMEpOM OOJIBIION S3BIKOBOM MOJIENN
(LLM)?

a) GPT-4

b) ResNet

c) AlphaGo

d) SVM

Kakoii u3 mepeyrclIeHHbIX IOAXO0J0B HCIONB3YeTCs Ui OOYYEeHHUs OOJBIINX S3BIKOBBIX
Mozenei?

a) O6yuenwue c yuurenem (Supervised Learning)

b) O6yuenue 6e3 yunrens (Unsupervised Learning)

c¢) Obyuenue ¢ nogkperieHueM (Reinforcement Learning)

d) Bce BrlenepevncieHHbIe

Kakoif s3bIK TPOrpaMMHUPOBAHUS Yalle BCETO HCIONB3YeTCsS Ui B3aWMOJCUCTBUS C
DeepSeek uepe3 API?

Kakoii Tun nannbeix DeepSeek o6pabaTsiBaet Haubonee s3¢hexkTuBHO?

ITomnbrin MEPEUCHb TCCTOBLIX Sa,Z[aHI/Iﬁ C YKa3aHUCM IIPABUJIbHBIX OTBETOB, PA3MCIICH B OaHke
BONPOCOB ~ Ha  HMH(OPMAIIMOHHO-00pa30BaTeIbHOM  TOpTaje  HMHCTUTYTa IO  CCBUIKE
https://www.mivlgu.ru/iop/question/edit.php?courseid=4324

OHGHKa PACCUUTBIBACTCA KaK IMPOLCHT IMPABUJIBHO BBIINIOJHCHHBIX TCCTOBBIX 3aI[aHHfI U3 ux
o011ero uucnia.



